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Globally and Locally Consistent Image Completion

SATOSHI IIZUKA, Waseda University
EDCAR SIMO-SERRA, Waseda University
HIROSHI ISHIKAWA, Waseda University
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Image + Mask

Dilated Conv.

Completion Network

Output 1565128

64
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regions, the spatial support used to compute an output pixel must include
pixels outside of the hole. On the left, the pixel py is computed from the

ki Ok influencing region in the spatial support Qy., while the pixel p; cannot be
_ . . . calculated since the supporting area 2, does not contain any information
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Fig. 11. Result of our user study evaluating the naturalness of the image

completion on the CelebA dataset. The numbers are the percentage of the
images that are deemed to be real by 10 different users for the Ground Truth
(GT) and the result of the completion by our approach.
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